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Background

Traditional liberal arts colleges have faced increasing pressure in the past few decades from a variety of sources.  One of the most prominent pressures is one of increased student consumerism.  “Call it vocationalism, credentialism, or even dollarizing – students and their families have defined undergraduate education in starkly utilitarian terms.”
  A common response amongst liberal arts colleges has been to broaden their curriculum to include programs in a variety of professional fields.  This response is so pronounced that many colleges that are categorized as liberal arts colleges are now graduating a majority of their students in fields that are not considered to form the basis of the liberal arts disciplines.  Indeed,  “in it latest published classification, the Carnegie Foundation has dropped the term “liberal arts colleges” altogether and simply refers to these schools as “baccalaureate” institutions.”
  

In the early to mid 1990s, Dickinson College found itself losing applicants to liberal arts “plus” schools, especially those that had undergraduate business majors.  Dickinson responded by creating a business major within its curriculum during the fall of 1996 that utilized one of Dickinson’s core competencies, international education.
  The International Business and Management major (IB&M) is designed with primary emphasis on “international” and secondary emphasis on “business.”  The faculty felt that such a major served the college and its stakeholders because it was both more in tune with the liberal arts tradition of the school than a traditional business major, and because it correctly focused attention on the growing internationalization of our economy.

During the 1994-95 academic year, I took a sabbatical in which I worked as an economist for Seagram Classics Wine Company.  Although I am trained as an industrial organization economist, I became interested in how managers might more effectively use economics for decision-making purposes, i.e., I got interested in managerial economics.  I returned to Dickinson College and helped design the IB&M major.  One of the core courses in this major is managerial economics.
  In my view, managerial economics is most appropriately taught using the same toolkit that business managers rely on – today, that means use Excel as the platform to teach the course.

My initial vision for this course was to teach a variety of topics covered in managerial economics textbooks using Excel as the teaching platform.  I wanted to use this class to simulate what students will face working in a business setting.  In such settings, quantitative issues are typically examined via Excel.  (I found this out first hand at Seagram – I had never used Excel (or other spreadsheet programs) prior to starting work there – learning Excel was a byproduct of one of my first tasks that year.)   I began searching for managerial economics texts that are integrated with spreadsheet programs and found that such texts did not exist (despite the interest that publishers have in the idea of an integrated text)
.  Those texts that were integrated with software programs use specialized programs (written by the authors), rather than the general-purpose programs (such as Excel) found in the business world.  To my mind, specialized programs that are tied to textbooks are of little use as they are never encountered in the real world.  If you teach a student how to do a present value problem using a general-purpose program they will have learned much more than they would by doing that same problem using a specialized software package.  As a result, I began to develop Excel based lab assignments that would supplement materials from a managerial economics text.  I have been using Mansfield’s text, but these labs would work equally well with most managerial texts, as most devote significant resources to estimation techniques that form the core of my lab assignments.

I have taught four iterations of this course since its inception in the spring of 1998.  I have sacrificed breadth of coverage for depth – this has been necessitated, in large part, because IB&M majors are not required to take either calculus or statistics as part of the major.  As a result, basic calculus and statistical concepts that are useful tools for managerial decision-making must be taught from the ground up.  Given the shift from breadth to depth, it is perhaps more appropriate to call this course “quantitative methods for managers” and there has been some discussion within the department about formally changing the name of the course to more accurately reflect the course’s actual content and focus.

As it now stands, the course is broadly divided into three parts.  The first examines the concept of maximization, the second provides an introduction to statistical analysis with the goal of understanding basic regression modeling, and the third essentially combines the ideas presented in the first two parts of the course.  By the end of the semester, students are able to answer complicated but realistic questions using the tools they have at their disposal.  Excel is used throughout the course, both in lab, for homework, as well as in most classes.
  Classes meet for three hours of lecture and one hour of computer lab per week.  Each of the three midterms and the final has both lab and in-class components.  

Lab Classes

Students are not required to have a background in Excel prior to this class.  As a result, the first three labs provide a necessary introduction to using Excel. This is effectively accomplished by attacking successively more complicated present value problems using Excel.
  Students seem quite comfortable with the concept of present value; therefore labs can focus attention on how Excel can be used to do comparative static analysis.  This shows the power of Excel and provides students with a feel that what they are learning has practical value.  Therefore, during the first third of the semester, students examine basic constrained optimization (with pencil and paper), and at the same time learn the rudiments of Excel (on the computer).  The first lab midterm tests basic Excel techniques by requiring students to design a structure to answer a present value problem that is given as a word problem.

From this point forward, lectures and labs are much more integrated – rarely does a lecture occur which does not include at least some material based on Excel, and some lectures are entirely Excel based.  As noted above, the second third of the course introduces students to an important statistical technique used to estimate a variety of economic relationships – regression analysis while the final third ties together regression and optimization techniques.  The goal of this course is to provide the student with a user perspective for applying quantitative analysis – Excel provides the perfect platform to that end.  Certainly there are better econometric software packages in the market, and it is more convenient to use such packages if one is attempting to undertake advanced econometric estimation (such as time series modeling), but none of these packages are widely available.  By contrast, Excel is ubiquitous. The four labs in the second third of the course allow me to introduce basic statistical modeling techniques, particularly the use of regression analysis, and the three labs in the last third integrate regression and optimization techniques by focussing on cost functions.

The first lab in the second third of the course is a statistics lab which provides students the opportunity to examine statistical data using very real world data – their own scores  and the scores of previous classes on the first in-class and lab midterm.  This allows them to use Excel to calculate mean, standard deviation, correlation, and z scores and to use these concepts to answer questions such as which class had the hardest exam?  I also use this lab to introduce univariate regression by asking them to predict their in-class performance as a function of their lab performance – this provides a nice introduction to regression, and it allows them to explain what it means to have had a negative (or positive) residual.  Because it relates directly to explaining their own behavior, students seem particularly interested in being able to interpret this simple regression.

The three regression labs in the second third of the course introduce regression modeling.  The first, regression lab 1, estimates a demand equation using data provided in the text.  This introduces students to multivariate regression analysis and allows students to grapple with dependent versus independent variables, and to interpret coefficient size and significance.  Regression lab 2 provides a cross sectional analysis of soft drink consumption in the United States.  Students are asked to provide a best guess estimate for consumption in Washington DC, based on their model.  A major goal of this lab is to have students focus on residuals in order to see if patterns emerge, and then to model those patterns by creating dummy variables to examine regional differences in consumption.  I have found that the open-end nature of this assignment encourages friendly competition to see which person is able to do the best job of describing these regional differences.  Regression lab 3 provides an analysis of airline passenger miles flown using time series data.  This lab provides the opportunity to transpose data and to create monthly dummy variables to search for seasonality.  A goal of this lab is to examine the difference between linear and nonlinear trends, and to do simple forecasting.

The three labs in the final part of the course use cost information to examine how managers would make decisions in order to maximize profits.  Regression labs 4 and 5 are both based on the same data set – variable costs of production are given for two different sized plants.  In regression lab 4, students are asked to obtain per unit cost functions for both plants from this information and to figure out in which plant they would recommend investing, based on various expectations regarding demand per unit of time.  In regression lab 5 the reverse question is asked: suppose you own both plants and wish to produce a given amount of output at minimum cost – how should you distribute production between plants?  This lab also examines what would happen over time in this industry if it were perfectly competitive – long run versus short run issues are addressed.
  Regression lab 6 examines cost analysis in noncompetitive market structures, in some years I’ve used monopoly, in others monopolistic competition.

Excel during Lectures

I use Excel sparingly in lecture during the first third of the course, as I want students to focus on the derivative concepts that many are learning for the first time, rather than have them focus on how to program derivatives into Excel.
  Excel becomes a daily part of in-class lectures once we begin discussion of regression analysis.  This requires, of course, some method of projecting computer output onto a video screen.

The standard exposition of regression analysis proceeds from univariate to multivariate regression for good reason – two-dimensional graphs are more readily understood than are higher dimensional graphs.  Students are able to visualize how an independent variable x relates to the dependent variable y, because they can readily see that some lines fit the data better than others.  The method of least squares can be heuristically thought of as giving you the answer to the question what is the best fit line?  I utilize the small data set of nine (x,y) observations that Mansfield uses to make his case for the method of least squares.
  I tell the class to read the material on least squares, but to try to just get the big picture, rather than get bogged down in the mathematical detail.  The reason they do not need to be concerned with all summation signs is that Excel does all of those calculations for them, in a matter of seconds.  Mansfield’s example has a best fit line of approximately y=2.5 + .5x and this can be easily shown on a graph before running the regression.  One can then run the regression and show that our visual best guess is mirrored by the results of the regression (both from the line fit plot, and from the estimated coefficients themselves).  I also hand out a copy of Excel’s regression output so that students can take notes directly on the output regarding its various parts.  I also use this regression to explain the concept of total variation in the dependent variable, and how this is broken down into variation explained by the regression, and unexplained variation – the coefficients are chosen so that unexplained variation is as small as possible.  Finally, I relate these concepts to R2.

In the second regression lecture, I move to multiple regression and discuss the interpretation of coefficients for each independent variable as simply slopes in different directions.  With two independent variables, we are trying to find the best fit plane, and Excel can do this just as easily as it did one variable to find the best fit line.  From here they seem able to make the leap to how a set of independent variables x1, …, xn relate to the dependent variable y without having to try to visualize the best fitting n-dimensional hyperplane.  I then move to Excel and give them a preview of regression lab 1 (discussed above).  I also begin to talk about other parts of the regression output such as the standard error of coefficients, and standard error of estimate (unfortunately, both are simply titled “Standard Error” in Excel’s output, so the difference must be explicitly pointed out in order to avoid confusion).

Simulations using Excel allow me to examine a wide array of issues that must be understood in order to correctly use regression analysis.  It is important for a student who is learning about regressions to understand the limitations and underlying assumptions involved in using regression analysis, as well as what the regression output is actually telling us.

I use a simulation model in the third regression lecture to get at the difference between magnitude and significance.  Specifically I introduce error to either the slope or intercept term and show how this affects the resulting regression.  This allows for an extended discussion of what we mean when we say a coefficient is significantly different from zero, as well as how we might interpret the 95% confidence interval for the coefficient.  I also use this lecture to begin discussion of residual analysis, a topic that is central to the next four lectures.  Two issues involving residuals are examined in this lecture: nonlinearities, and heteroscedasticity.  The student presentation for the day acts as a springboard for the nonlinearities discussion; the simulation model allows an introduction to heteroscedasticity.

In the fourth regression lecture I describe a variety of situations in which dummy variables can be used to help explain the dependent variable before going to Excel.  The example I use in Excel is based on bond sales in the time period surrounding WWII.
  I also examine multicollinearity during this lecture.  I found multicollinearity difficult to explain until this spring when I created a simulation model which helps show the effect of multicollinearity using an example every student understands – peanut butter and jelly sandwiches.  I posit that students all like their PB&J’s in the following ratios: 1-ounce peanut butter, 1-ounce jelly, and two slices of bread.    People aren’t perfect at keeping to this ratio, some people have a bit too much peanut butter sometimes, and others might have a bit too much jelly, but overall, this is what we would expect.  Suppose we wish to predict bread consumption on the basis of peanut butter and jelly consumption in the dining hall.  If we run a regression of bread consumption as a function of both peanut butter and jelly consumption we have a multicollinearity problem.  The effect of multicollinearity is seen by creating a model in which you introduce varying amounts of noise between peanut butter, jelly, and bread. Using Excel’s random number generator, I created 100 observations of peanut butter consumption uniform on (0,100).  Next, I connect jelly consumption, j, to peanut butter consumption, pb, using the formula j=pb+ejfj where ej is jelly’s normal (0,1) random variable and fj is jelly’s error factor (that we can parametrically adjust).  Similarly, bread consumption, b, is connected to peanut butter consumption and jelly consumption using the formula b=pb+j+ebfb  where eb is bread’s normal (0,1) random variable and fb is bread’s error factor.  By varying the magnitude of jelly’s error factor, fj, one sees the effect of multicollinearity: peanut butter’s and jelly’s coefficients and significance levels vary wildly, just as you would expect, given the multicollinearity problem.  Nonetheless, the sum of peanut butter’s and jelly’s coefficients remains constant at 2 (you need two slices of bread for each sandwich).

The next class, on serial correlation, is taught almost completely from the keyboard.  It is imperative that students understand what serial correlation is, even though they are told that many of the techniques used to correct for serial correlation are beyond the scope of this introductory course.  This class tends to be the most difficult of the semester, but it is made easier to understand using a simple setup which allows one to create different degrees of positive or negative serial correlation just by changing a single parameter, A.  This is accomplished by starting with 50 independent and identically distributed normal (0,1) random variables, e1,…, e50 and then turning them into serially correlated errors, s1,…, s50 using the equation s1=e1, and st = et + Ast-1  for t=2, …,50.  Theoretically, a  positive value of A creates positive serial correlation and a negative value creates negative serial correlation.  Practically, by varying A, one can create varying degrees of serial correlation.  I show this serial correlation using both a standard residual plot, and by showing a scatter plot of residuals vs. lagged residuals.  I also calculate a Durbin-Watson statistic using these residuals, and work through how to apply the Durbin-Watson test.  One of Excel’s shortcomings is that a Durbin-Watson statistic is not automatically calculated among the regression statistics, so one of the tasks that students must learn is how to calculate it from the residuals that are provided within Excel.  I show students  how to do this calculation using both this simulated dataset, and by going back to the bond data which we worked with in the last lecture to introduce dummy variables.  The bond data provides a nice real-world example because there is strong positive serial correlation when the dummy variable is not included, and it vanishes upon introduction of the dummy variable.  This provides a nice lesson for why serial correlation sometimes exists – omitted variables.

The final two lectures prior to the second midterm examine other issues involving time series data: linear and nonlinear trend analysis, and seasonality.  The first lecture uses two simulation models, one that focuses on estimating growth rates, and the other that focuses on seasonality.  The growth rate simulation compares linear, quadratic, and logarithmic estimates based on a constant growth rate dataset.  The clear patterns that emerge from the residuals in the first two specifications suggest that these models are misspecified.  By contrast, the logarithmic model is the correct specification if the data has a constant rate of growth; the lack of pattern from this model’s residuals therefore comes as no surprise.  Before turning to the seasonality model, it is useful to discuss the interpretation of the coefficients of time and the intercept in the logarithmic model.  The seasonality simulation examines three quarterly datasets, the first with linear trend and no seasonality, the second with linear trend and seasonality, and the third with nonlinear trend and seasonality.  Inevitably, students seem hesitant to use logarithms, so it is important to carefully explain the differences that arise in interpreting coefficients of time as well as the quarterly dummy variables when using ln(Q) as opposed to Q as the dependent variable.  This discussion also leads into an introduction to how annual growth rates are calculated, as well as the effects of compounding that arises when the time period is not annual.  The second lecture on this topic begins with the airline lab discussed above, as this lab is due at this time.  This allows a more complete discussion of compounding as well as a more formal discussion of how to obtain seasonal indicies from regression output.  I begin by using seasonal indicies for softdrink consumption presented in Mansfield and show how these could have been obtained from a regression model similar to the airline model, and conclude by using the airline results to create seasonal indicies for the airline industry.

The final third of the semester combines the material presented in the first two parts of the course.  The central focus is cost analysis, but production functions and market structures round out the discussion for the semester.

In order to understand costs, it is appropriate to move from production theory into a discussion of costs.  A number of aspects of production theory are easily examined by focusing on Cobb-Douglas production functions.
  The intuition behind returns to scale, as well as relative factor valuation is easily seen using Excel.  Students can easily see how the isoquants squeeze in or expand out as returns to scale change, and tighten up at one side relative to the other as one varies the exponents associated with labor and capital to show changes in relative factor valuation.

Although students have already been exposed to cost concepts in introductory microeconomics, most are not able to apply these concepts without reintroducing this material.  I begin this discussion by bridging cost seen from isocost lines in the isoquant diagram to the short run total and per unit cost curves that form the basis for cost analysis.  I encourage students to always keep the isoquant diagram in the back of their minds when working on cost curves; the relation between fixed and variable costs are more readily understood by recalling the isoquant diagram.  Using simulated data based on a variable cost function used early in the semester, I work through the rationale for the standard cubic form for variable cost.
  Residual plots for lower order forms exhibit patterns that are eliminated with the cubic form.  Similarly, multicollinearity issues may be examined if the form is actually quadratic, but is estimated as cubic.  In contrast to earlier estimations, variable cost regressions must force the intercept to be equal to zero, a task which is easily accomplished within Excel.  The theoretical justification for this restriction must be made clear.  The estimated coefficients of the variable cost function form the basis for the per unit cost curves used for decision-making.  I recommend a format within Excel for creating per unit cost curves that minimizes algebraic errors and allows a visual check of the curves.  

Estimated cost functions form the basis for many of the topics examined at the end of the semester.  The long run/short run distinction is easily put into perspective, as are issues such as when the firm should shut down, and profit contribution analysis.  Profit maximization is examined more generally using cost and demand information for competitive, monopolistic, and monopolistically competitive market structures but time constraints preclude discussion of oligopoly markets.  

Concluding Remarks

This course does not cover a variety of topics typically discussed in many managerial economics courses.  Rather it focuses on two of the most important tools in the managerial economist’s arsenal: constrained optimization and econometric estimation using Excel as the platform.  Since we do not require our students to take calculus or statistics as part of the IB&M major at Dickinson College, these concepts must be taught from the ground up.  Similarly, students are not required to have a prior knowledge of Excel so it must also be taught from scratch.  Given these constraints, it is more important to cover these basic topics carefully, rather than cover a wider array of topics at a more hurried pace.  My sense from the four times I have taught this course is that this tradeoff is very reasonable.  I covered more pages of the text in my first attempt at this course in spring 1998, but the current course teaches much more by focusing on fewer topics while giving time for students to reflect on what they have learned.  

If I were teaching managerial economics at a school that had formal calculus and statistics prerequisites, I would pursue a more broad-based strategy.  Based on my experience with students who have had these courses prior to taking managerial economics, I believe that it would be fallacious to assume that students could apply constrained optimization and basic econometric techniques without devoting at least some class time to these topics.  Perhaps these topics could be examined during the first third of a course, leaving the remainder to examine many of the topics that populate most managerial economics texts.  In these circumstances, Excel would remain my choice as an analytical platform due to its prominence and versatility.  
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APPENDIX  1

International Business and Management
Requirements for the Major

Economics 111
Introduction to Microeconomics

Economics 112
Introduction to Macroeconomics

Two courses beyond 116 (intermediate level) in a foreign language.  One of these courses should relate to "business language" in student's chosen foreign language if such a course is available.  Student may be permitted to substitute an upper level language course for business language.

One course relating to the history, politics, or economy of student's chosen country or region of specialization.

One course relating to the culture of the student's chosen country or region of specialization

Financial Accounting 

Managerial Economics (prerequisite of Economics 111)

Organizational Behavior

World Economy (prerequisite of Economics 111 and 112)

Business, Government and the International Economy 

An internship or "practicum" (not for credit)

Two 300 level issues courses in IB&M.  Examples of such courses include issues in government regulation of business, issues in financial decision making, issues in international marketing, issues in cross-cultural communications, etc.)

One 400 level capstone course: International Business Policy and Strategy.

___________________

TOTAL: 14 courses for credit.

APPENDIX 2

Managerial Economics syllabus

Spring 2000


         IB&M 220


        Steve Erfle, erfle

Lecture: TuTh 9:30 am, Denny 311



                     2nd Floor Biddle

Lecture: TuTh 11:00 am, Denny 112 




      245-1635 (Office)

Office Hours: 
W 9:00 am – 11:00 am

                    258-6816 (h before 8pm)

Computer Labs: Noon & 1:00 pm F in Denny 211
           TA: Leo Davelman, davelman








   HUB 411, Ext. 3738

PREREQUISITES: Economics 111.  I wish to emphasize that I expect everyone to have a basic working knowledge of microeconomics.  

READINGS: The textbook for the course is Managerial Economics, fourth edition, by Edwin Mansfield.  The bookstore has been asked to carry both the textbook and the study guide. Also required is a reading packet containing all old midterm exams and a few other odds and ends.  A tentative reading list is contained in the attached Course Outline.
COMPUTER LAB SECTIONS: Each student is required to sign up for one of two computer labs.  If you have a laptop with Excel, please consider using it as that will allow for greater flexibility in lab sections.  Each lab is 50 minutes, and the goal of the lab is to get you up to speed using one of the most important tools used in business today, the spreadsheet program, Excel. 
PROBLEM SETS: This is a problem solving oriented course.  The Course Outline shows 14 Home Work (HW) assignments and due dates, others could be added to this list.  Problem sets come from a variety of sources, including old exams.  You are encouraged to work on the problems together but you must turn in your own write up to each HW. In some instances, you will turn in your Excel worksheet on a diskette instead of a hard copy.  When turning in any HW, care must be given to make it “user friendly.” HW is due at the start of class.  

Problem sets grading:  Problem sets will be graded based on their content AND on their clarity of presentation.  Late homework is discounted 50% per day.  (i.e. if you would have received a 20 had you turned it in on time on Tuesday, becomes a 10 if turned in by Wednesday, and 5 if Thurday, and 2.5 if Friday, etc..)  Students Presenting a case on a date when a HW is due have until noon the following day to turn in their HW to Mrs. Freese on the 2nd floor of Biddle, without penalty.  Be sure you write at the top of the HW that you gave a presentation on the previous day, that way it will not be marked late.  If you miss class and wish to have your HW graded as not being late, make sure you either give it to someone who is coming to class, or get it to Mrs. Freese so she can date and time stamp it.

CASES:  Approximately ten problems will be examined using a case format.  The class will be broken into five groups.  Tentative cases assignments are in the Course Outline.   Three groups will play roles for each case: Role A) Presenters, not surprisingly, present the case to the class, but more specifically, to their bosses.  Think of Presenters as being the senior management of the firm who are making a presentation of a problem, as well as their proposed solution to that problem, to their Board of Directors.  (Presenters are expected to come to class with an agreed upon solution – work out your differences before you get to class.  A hard copy solution must be handed in at the start of the presentation – part of the grade you obtain on your presentation will come from this hard copy solution.)  Role B) Board of Directors, ask questions regarding the case to the Presenters.  Questions can either be clarifying, which are appropriate to be asked during the presentation, or probing questions, which should be asked at the end of the presentation. (The Board will have a short time to caucus at the end of a presentation prior to asking probing questions.)  Role C) Presentation Analysts, critique both the form and substance of the presentation (and the response of the Board to the presentation, if appropriate).  Prior to class, any group may use the services of an economic consultant (Steve Erfle), but that consultant will refrain from taking an active role in the presentations.

Case grading: Each time you take on a role for a case you will be given a grade from 0 to 4.  In general, I will give the same grade to the entire group, however, if it is clear to me that equal credit is inappropriate, I will adjust my scores accordingly. If your group presents a case and you are not there, you will receive a 0 for that particular presentation, even if the group gets a 4.

Grades for presentations can be obtained at the end of each class.  Cumulatively, cases are worth 10% of your final grade: 2/3 of that 10% comes from your Role A grades; Role B grades are worth 1/4 of that 10%; and Role C grades are worth 1/12 of that 10%.

EXAMS: To test your understanding of the readings, lectures, problem sets, and cases, there will be 3 midterms as specified in the Course Outline.   Midterms are not cumulative, except that you often need one part of the course to understand the next.  All exams (in-class and lab) will be open book.  In order to allow you space to easily work with your notes, etc., the in-class portion of exams will take place in the HUB Side Rooms.   The reading packet contains all old exams.

DO I HAVE TO DO THAT?  No, you don’t.  You have some choice.  There are six major components to this course: 4 exams, homework, and presentations.  Presentations are worth 10% of your grade.  Each exam is graded on a curved (as opposed to an absolute) scale.  You will receive a numerical score on each exam, a z score for that exam, and an indication of the letter grade attached to that score.  Two thirds of each grade will be based on the in-class midterm, one third will be based on the lab component.  A z score for your homework will also be calculated.  (If you have never seen z scores, don’t worry, the first lab after the first midterm will examine z scores.)  The lowest of the other five z scores will be dropped, the remaining four parts will be worth 22.5% each towards your final grade.

ASKING QUESTIONS: I wish to explicitly encourage classroom participation.  If you have a question about something that I have (or have not) said, then it is likely that others around you are also confused.  The lectures may seem to move slower if many questions are asked but I believe that much more learning occurs in such an interactive environment.
ATTENDANCE POLICY: I encourage you to attend my class but do not keep a formal role sheet.  Making decisions involves the notion of choice – I leave it up to you.  Realize however that I, not Edwin Mansfield, am writing the exams based on what I consider to be most important.  The best way to understand what I consider important is to come to lecture. 

CHEATING POLICY: I would prefer to not have to worry about cheating, but, unfortunately, that is something that happens on campus.  As you probably know, faculty opinions differ regarding how to deal with cheating.  I have in the past, and will continue in the future, to pursue any cheating that occurs in any of my courses.  If you draw a blank on an exam, it is much better to simply fail that exam than to fail the course and face the possibility that further penalties will be imposed by the Dean of Educational Services and Student Affairs.  Furthermore, you can simply drop that exam!  For a discussion of what constitutes cheating, see the Dickinson College Student Code of Conduct.

TOPIC COVERAGE: I am trying to teach quantitative methods of analysis -- rather than a specific group of facts.  I am not concerned that we will not cover as many pages of text as in many of your courses.  The pages we cover we will cover in depth.  Reading assignments, as well as problem sets and case assignments are listed in the Course Outline.  These assignments are, of course, subject to change depending on how quickly lectures are going.  The course can be thought of as being composed of three parts (which corresponds to the three midterms):

Part 1
  Weeks 1-4
  Optimization techniques
Chapters 1 through 4 (focus on ch. 2)

Part 2
  Weeks 5-9
Basic regression techniques
Chapters 5 and 6 (focus on ch. 5)

Part 3
Weeks 10-14
Application of Parts 1 & 2
Chapters 7, 9, and 11 (focus on ch.9)

WHERE CAN I GO FOR FURTHER HELP?  First, try asking me.  I am available outside of office hours, give me a call.  However, I realize that this is a challenging course.  Leo Davelman will hold computer lab/office hours on Monday and Wednesday evenings at times and in locations TBA.  I can also recommend tutors.

� Neely, p. 36.


� McPherson and Schapiro, p.49.


� Dickinson College ranked first in the number of foreign language major graduates at the 144 Baccalaureate I institutions (73 majors); Dickinson also ranked 31st in the actual number of foreign language major graduates and first in percentage of foreign language majors as a percent of all majors (15%) out of all institutions awarding bachelor’s degrees (n=844) in the most recent IPEDS Postsecondary Completions 1995-96.


� See Appendix 1 for a listing of courses required in the IB&M major.


� Managerial textbooks have subsequently begun to show up which provide this integration, for example, Edwin Mansfield’s 4th edition text Managerial economics: theory, applications, and cases has an available “spreadsheet exercises” supplement which is tied to Excel.


� A syllabus and day-by-day description of topic coverage is presented in Appendix 2.


� The first lab provides a break-even analysis of an investment project discussed in the text, the revival of the Broadway musical Showboat.  The second lab extends the Showboat analysis by examining the more realistic case of facing a probability distribution of when the show will shutdown.  This lab introduces students to linking worksheets and also highlights Excel’s goal-seek function.  The third lab provides students with wage and college cost assumptions and asks students to provide their own architecture to answer the question: is college a good deal on a present value basis?  The first two of times I taught this course, I required students to purchase a supplementary Excel text for the course.  In response to student input, I no longer require this supplementary text – the help menus within Excel provide sufficient guidance for most situations.


� This lab is the most challenging in the semester.  Students are required to first work with pen and paper to solve a constrained minimization problem, then they must program the solution to this problem into Excel in order to answer the lab assignment.


� Those who have had calculus have the advantage over those who have not had calculus.  Nonetheless, many who have had calculus seem to have compartmentalized it to such a degree that they find it difficult to apply what they have seen before in the more practical setting of an economics classroom.  The calculus I teach during the first third of the course is very user oriented – nowhere will you find an epsilon delta proof.


� Most other texts have similar sample datasets that are used for the univariate exposition.  I find it helpful to use the same dataset in class as in the text as this material is very difficult to grasp given all the summation signs at this point in the text.  


� This example is borrowed from Wannacott and Wonnacott, Econometrics pp. 68-72 because it provides such a crisp example of a situation which requires the use of a dummy variable.  Even today’s students have heard enough about WWII that they realize that people behaved differently during the war years.  When I plot the data and ask if anyone can explain what they see, inevitably someone will say that this is three separate datasets, one pre-WWII, WWII, and post WWII.  They are also able to see that WWII differs from the other two, so creating a dummy variable called War takes care the problem which exists when you run a regression of bond sales as a function of national income.


� Cobb-Douglas utility functions are discussed in the first part of the course.  As a result, the production discussion can quickly focus on the common elements as well as the differences in interpretation between the consumer and producer side models.  The main difference, of course, is ordinality versus cardinality.


� This allows students directly to tie together optimization with estimation and reinforces the idea that tools learned in the first part of the semester are important for managerial decision-making.
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